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Background and Objectives

Nurses and midwives play important roles in the healthcare system as they provide highly skilled and often complex care in both hospitals and communities. To protect and prioritise the safety of the public from harmful practices, most countries have specific health
professional requlators to set rules, monitor and shape the practice of nurses and midwives. When concerns over a nurse or midwife’s practice are raised, a formal complaint can be submitted to the regulator, and investigations will be performed to decide further actions.
Processing complaints is highly time-consuming and costly hence, the need for effective tools to support investigations is crucial. In this paper, we present a decision support system to improve the effictency ot complaints investigation for nursing and midwifery regulators,
by employing state-of-the-art machine learning and natural language processing (NLP) techniques with a human-in-the-loop.

Implementation System Design Evaluation
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User Interface Results
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information to assist the regulators, including risk level assessment (with highlighted words as explanations), similar past cases, and
non-compliance to regulations. Also, gender debiasing operations are performed to reduce systemic gender biases. Feedback received

Fig. 2: A screenshot of the result page for a fictitious complaint. The page consists of (1) the complaint text (2) the predicted risk level, probability, and confidence (3) word importance : : : - . .
; ; ; () 2 . 3 from domain experts confirmed the system’s usefulness and potential. We hope this work will inspire more AI/NLP-based decision

support systems across different jurisdictions, and encourage further collaborations between NLP researchers and regulatory bodies

scores provided as the explanation by LIME (4) similar past cases (5) non-compliance to regulations (6) the final decision to be given by a case manager.




